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“The windmill gives you society with the 

feudal lord, the steam-mill society with the 

industrial capitalist”   

 

 

“The automobile created suburbia” 
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1. Erosion of US Military Advantage Advantage (“competitors, led by China and Russia, to undermine 
US military superiority”) 

2. Strategic Stability and Risk (e.g., “targeting previously invulnerable military assets”) 

3. Disinformation and the threat to our democratic system 

4. Erosion on individual privacy and civic liberties (e.g. “greater capabilities to monitor and track 
citizens”) 

5. Accelerated cyber attacks 

6. Danger of accidents (“compounded by AI’s brittleness in complex environments”) 
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1. Erosion of US Military Advantage Your Competitive Advantage (“competitors, led by China and 
Russia, to undermine US military superiority Your Strengths”) 

2. Strategic Stability and Risk (e.g., “targeting previously invulnerable military markets and assets”) 

3. Disinformation and the threat to our reputation and sales democratic system 

4. Erosion on individual employee/customer privacy and civic liberties (e.g. “greater capabilities to 
monitor and track employees/customers citizens”) 

5. Accelerated cyber attacks 

6. Danger of accidents (“compounded by AI’s brittleness in complex environments”) 

 

 





• With what objective function is AI 

operating? 

• What do AI-enabled “best friends” 

look like, especially to children? 

• What impact might AI have on social 

norms or institutions? 

 

• What does AI “perceive”? 

• Does AI perceive aspects of reality 

humans do not?  

• What then will it mean to be human? 
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“Different versions of 

cyberspace support 

different kinds of 

dreams. We choose, 

wisely or not.” 
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PNAS 2021 
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“A clear- cut distinction emerges 

between social media having a 

feed algorithm tweakable by the 

users (e.g., Reddit)  

and social media that don’t 

provide such an option (e.g., 

Facebook and Twitter)." 

PNAS 2021 

T. Evgeniou, INSEAD 



T. Evgeniou, INSEAD 



T. Evgeniou, INSEAD 



 

1. Early/Mid 1990s: Enterprise Resource Planning (e.g., SAP, Oracle, etc.) – 

Business Process Re-engineering, process automation and support 

2. Mid/Late 1990s: Internet – networks, global connectivity, information 

capturing/sharing, increased “richness and reach”, virtual teams, etc. 

3. Early 2000s: Knowledge Management – capture, share, reuse, connect internal 

knowledge, experts, best practices, etc. 

4. Early/Mid 2000s: Customer/Supplier/etc. Relationship Management – acquire, 

manage, understand, cross/up-sell, retain customers/suppliers/etc. 

5. Late 2000s/Early 2010s: Big Data + Cloud 

 

+++++ 

Technological Innovations for Business: Examples 
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Lessons from the past… 
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The Fundamental Law of Tech in Organizations 

Brynjolfsson and Hitt 2000 
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• Understand the new businesses challenges to adopt and leverage data and AI 

• Understand the data and AI maturity journey of organizations 

• The Value and Risks of Data and AI 

 

Agenda 
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What makes AI adoption/innovation challenging? 
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You Already Use AI  

(maybe not the software) 



“Old” AI: User Writes the Rules/Program  

Computer 

New Customer 

Program 
 Output 

(Adopted from Domingos, 2017) 

AI 
Old Customers 

Old Outcome Program 

“New” AI: Machine Learns/Writes the Rules/Program 
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Computer 
New Customer 

    (new data) 

 Output 

Expert 



 

 

What makes AI adoption/innovation challenging? 
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What are the principal reasons acting as constraints on the introduction of AI 

into your organization 



What makes AI adoption/innovation challenging? 

1. UNDERSTANDING THE ART OF THE 

POSSIBLE 
• Do we understand what is possible with data 

and AI? 

• Do we understand the value of data and AI?  

• Are we asking the right questions from the 

data? 

• Can we execute data and AI initiatives?   

 

 

3. NEW TYPES OF RESOURCES 
• Do we have strong data quality and 

governance?  

• Do we have the right skills in the organization? 

• Are our IT systems flexible (enough)? 

• Do we have the right tech partnerships in place? 

 

2. TECH DRIVEN CHANGE 
• Do we have the right incentives, financing, 

and experimentation setup? 

• How well do we manage organizational 

change and digital transformation? 

• How do we build up new capabilities?   

4. NEW RISKS 
• Data and AI regulations 

• Responsible AI 

• F.A.T. (Fairness, Accountability, 

Transparency) 
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We bring together 
people, cultures and ideas 
to develop responsible 
leaders who transform 
business and society. 

Our mission 

Introduction to 



A strong portfolio for the new energy world 

27 

27 

 

 

 

 

 

 

 

 
 

Energy Networks play a crucial role in 

making the transition of the energy  

system work. With our pan-European 

network, we will connect renewable 

energy sources with customers. By 

digitizing our networks, we will create the 

“Internet of Energy” opening-up new 

horizons. ~€8
>31m ~50m

Energynetworks Customersolutions

Leading European Energy 

Retail with ~50m customers 

>32k industrial sites 

under management 

>350 heat 

networks 

1.6m km  

energy 

networks 

500k assets 

connected 

Customer Solutions enable customers 

to take an active role in the energy 

transition. We design, build and 

operate sustainable and connected 

energy solutions for cities, industrial 

and commercial customers as well as 

millions of private households. 

 

Energy Networks Customer Solutions 

70k 

employees 

15 

countries 

27 

# 1 networks operator 

in Europe 

Shared by e.on 



We bring together 
people, cultures and ideas 
to develop responsible 
leaders who transform 
business and society. 

Our mission E.ON is the partner for 
energy solutions 

13.11

.2017 

28 

E.ON 

Customer 

Solutions 
Consumers and  
small businesses 
Affordable and sustainable energy 

solutions 
 
 

Business and  
industrial customers 
Affordable, sustainable and secure. 

Improving customers‘ core business. 
 
 

Cities and municipalities 
Efficiently achieving ambitious CO2-

targets 

 

 

28 

Shared by e.on 
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What are the main steps that E.ON took to achieve the transformation? 

 

Some points to consider: 

 

1. Sponsorship, support, and protection from the top (the Board) 

2. Hired talent – at all levels – and developed training throughout the organization 

3. Quick wins: succeed fast with high business impact, low data challenges project(s) 

4. Data Evangelization: “Show the Value of Data and AI!” 

5. Created central Data.On initiative and organization, with local Data.On hubs and with active 

Data.On community 

6. Data Governance: Ensure data quality and data quality processes, roles, accountability, etc. 

7. Develop AI investments processes and prioritization  
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E.ON Data Evangelization: Sample Events 

https://www.eon.com/content/dam/eon/eon-com/Documents/en/new-

energy/20191202-1022-in150-25039-yearbook-artinelli-170x240-online-5.pdf 
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E.ON Data.On Program 

https://www.eon.com/content/dam/eon/eon-com/Documents/en/new-

energy/20191202-1022-in150-25039-yearbook-artinelli-170x240-online-5.pdf 
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How did E.ON approach the 

data quality and data 

availability challenges?  

 

 

https://www.eon.com/content/dam/eon/eon-com/Documents/en/new-

energy/20191202-1022-in150-25039-yearbook-artinelli-170x240-online-5.pdf 
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What was E.ON’s approach to making investments in AI?  
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1. What do you find most critical in what E.On did? Why?  

 

2. What would you do more/less/different in your organization? 



1. [Data transformation = cultural change] The data transformation is not just adding new technology skills 
and experts. It needs to be approached as a fundamental change in the way of working, etc 

2. [Quantify the impact] Investing time in defining metrics and KPIs to measure the momentum of the data 
transformation and the actual business impact pays off 

3. [Balance the impact vs. capability] While it is critical to embed data and AI to solve particular business 
problems, relying on standards is a prerequisite for scaling. Otherwise, ”mushrooms” –low-scale silo 
solutions- are likely to spread 

4. [Funding model for data and AI capabilities] The commercial model defines the AI roadmap, the 
embedding success of the AI initiatives but also the ability to scale. The maturity of the organization 
determines which funding model is the most appropriate (e.g.: centrally funded –vs- hybrid –vs- inhouse 
consulting). 

5. [Data evangelization and data upskilling is a must do] Employees needs to answer the ”what’s in for me” 
question and for that both upskilling (data literacy) and community building are proven essential 

6. [Top down support brings momentum… Bottom-Up sustains it] Having a board sponsor is gold… having 
the entire board sponsoring it is priceless but to make the transformation last, it has to reach each and every 
key employee 

7. [Architecture and standardization is essential] Without sticking to the proper standards, all business 
embedding might create fragmentation 

8. [Tailor-made data strategy] It‘s really critical to assess the maturity of the organization and tailor the data 
transformation accordingly (there is no panacea strategy) 

 

Some Lessons 

By Juan Bernabe Moreno 



Example Toolkit 

https://www.weforum.org/agenda/2022/01/artificial-intelligence-c-suite-business/


 

 

• Understand the new businesses challenges to adopt and leverage data and AI 

• Understand the data and AI maturity journey of organizations 

• The Value and Risks of Data and AI 

 

Agenda 
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What makes AI adoption/innovation challenging? 

1. UNDERSTANDING THE ART OF THE 

POSSIBLE 
• Do we understand what is possible with data 

and AI? 

• Do we understand the value of data and AI?  

• Are we asking the right questions from the 

data? 

• Can we execute data and AI initiatives?   

 

3. NEW TYPES OF RESOURCES 
• Do we have strong data quality and 

governance?  

• Do we have the right skills in the organization? 

• Are our IT systems flexible (enough)? 

• Do we have the right tech partnerships in place? 

 

2. TECH DRIVEN CHANGE 
• Do we have the right incentives, financing, 

and experimentation setup? 

• How well do we manage organizational 

change and digital transformation? 

• How do we build up new capabilities?   

4. NEW RISKS 
• Data and AI regulations 

• Responsible AI 

• F.A.T. (Fairness, Accountability, 

Transparency) 
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   Value vs. Feasibility 

 

+ Stakeholder Engagement 

 

+ Clear Scope and Scale 

 

 

 

How to assess value and feasibility? 

 

 

 

 

Key Skill: Asking the Right Business Questions 
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AI Feasibility 
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Resources 

- Data (Quality, Relevance, Volume, Availability, Costs, etc.) 

- Available skills and tools (costs, training, etc.) 

 

Predictability 

- Stable patterns (predictability, stability) 

- Minimum Viable Accuracy (MVA) 

 

 

 

 

 

 



Quantifying the Value of AI 
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MicroLoansCorp considers investing in a new AI credit scoring system from 

DeepAIcorp to use for the “toughest” (most marginal applicants) market for 

them. Currently they experience a 20% default rate in this market, with an 

average loss of $5000 per default client – they make on average $1500 for the 

“good” clients.  

 

DeepAIcorp provides AI that predicts client defaults. Early tests indicate that 

the AI classifies 80% of the applicants as “good”. It turns out that only 10% of 

these “good” applicants are wrongly classified (hence they turn out to default). 

Moreover, for the remaining 20% that the AI recommends not to approve, about 

40% of them were actually “good” clients (based on historical data) 

 

Is it worth investing in DeepAIcorp’s AI? How much should 

MicroLoansCorp pay (at most) for such an AI system?  



Quantifying the Value of AI 
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Quantifying the Value of AI 

 T. Evgeniou, INSEAD 

Consider a pool of 1.000 prospects 

 

Expected Value without AI 

0.8x1000x1500 – 0.2x1000x5000 = $200.000 

 

Expected Value with AI?  

0.9x800x1500 – 0.1x800x5000 = $680.000 

 

Expected Value of AI = 680.000 – 200.000 = $480.000 

 

What if the AI could classify everyone 100% accurately?  

 

Expected Value of Perfect AI = 0.8x1000x1500 – 200.000 = $1.000.000 

  



How about AI Project/Product Dev? 
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AI Lifecycle Management 

CRISP-DM, IBM, 

https://www.ibm.com/docs/en/spss-

modeler/SaaS?topic=dm-crisp-help-overview 
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Components of ML Systems/Processes 

“Hidden Technical Debt in Machine Learning”, 

Sculley et al, 2015  
 T. Evgeniou, INSEAD 



MLops (a hot space) 

https://ml-ops.org/content/mlops-principles  
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What can go wrong? What makes AI Risky? 
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What can go wrong? What makes AI Risky? 
 

1. FAIRNESS AND BIASES 
• Will our algorithms treat different sub-

populations ”unfairly”?  

• Is AI perpetuating any biases we had in the 

past? 

• Do we run any legal or reputation risks?  

 

4. REGULATORY RISKS 
• Do we understand and comply with regulations 

in the markets we operate in? 

• Do we have any high risk AI applications?  

• Do we need to audit, certify, and/or monitor our 

systems to ensure continuous compliance? 

 

 

2. SAFETY AND SECURITY 
• Is the performance of our algorithm well 

understood and acceptable?  

• Are there any new security risks (e.g., 

adversarial attacks) 

• What are the costs of different types of errors 

our algorithms male? 

• How do we manage the risks of an evolving 

AI or a changing environment?  

3. TRUST AND TRANSPARENCY 
• Do we understand how AI makes decsiions?  

• Do stakeholders trust our algorithms?  

• Do we have in place clear processes to 

manage issues? 

• Can we identify and imrpove weaknesses of 

our systems? 
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1. Good Tech is inclusive, value-based, and future-proof 
 
2. Good Tech must be governed by “Fair Process” 
 
3. Good Tech requires good leadership and oversight 

T. Evgeniou, L. Van der Hayden 

AI Regulations: The EU AI Act 
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Example obligations (as of 2023) 
 

 Notice and action mechanism 

 Information to notice providers and content providers   

 Internal complaint handling system 

 Out of court dispute settlement   

 Enhanced transparency reporting 

 Advertising transparency and bans on certain targeted ads          

 Transparency of recommender systems   

 

+++ 

Online Trust & Safety: EU Digital Services Act 
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Emerging Tools and Processes 

 

1. Auditing of AI Systems 

 

2. Certification of AI Systems 

 

3. Monitoring over the AI Lifecycle 

 

4. Software and Documentation Toolkits 

 

5. AI Governance 
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https://oecd.ai/en/wonk/lessons-from-business-trustworthy-ai
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 Successful trustworthy AI adoption depends on strong AI governance  

 

 Ensure structures are in place to secure wider organizational buy-in for the development and deployment 

of trustworthy AI  

 

 Upskill teams by providing appropriate training in both technical and non-technical aspects of AI  

 

 Use of responsible AI tools can have multiple second order effects (culture, debate, etc) 

 

 Balance between standardization and customization depending on the AI system’s specific context  

 

 Transparency does not automatically equate to explainability  

 

 Ensure continuous improvement  

 

Implementing Responsible AI – for business 



What makes AI adoption/innovation challenging? 

1. UNDERSTANDING THE ART OF THE 

POSSIBLE 
• Do we understand what is possible with data 

and AI? 

• Do we understand the value of data and AI?  

• Are we asking the right questions from the 

data? 

• Can we execute data and AI initiatives?   

 

3. NEW TYPES OF RESOURCES 
• Do we have strong data quality and 

governance?  

• Do we have the right skills in the organization? 

• Are our IT systems flexible (enough)? 

• Do we have the right tech partnerships in place? 

 

2. TECH DRIVEN CHANGE 
• Do we have the right incentives, financing, 

and experimentation setup? 

• How well do we manage organizational 

change and digital transformation? 

• How do we build up new capabilities?   

4. NEW RISKS 
• Data and AI regulations 

• Responsible AI 

• F.A.T. (Fairness, Accountability, 

Transparency) 
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Video link 

https://www.linkedin.com/feed/update/urn:li:activity:7046372218208997376/
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